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Abstract

This paper using a 3D pose estimator to predict human 3D poses. By combining the
pose sequence information as a motion capture, we could reconstruct the human motion
in Unity with any appearance. A potential application is collecting a compact human 3D

activity dataset.
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// for person_1 in image_1 {1 “LEye"}
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“image_id" : string, image_1_name, 12, ”REyeu},
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{7, "LElbow™},
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